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CONTINUUM LIMITS FOR ADAPTIVE NETWORK DYNAMICS∗

MARIOS A. GKOGKAS† , CHRISTIAN KUEHN‡ , AND CHUANG XU§

Abstract. Adaptive (or co-evolutionary) network dynamics, i.e., when changes of the net-
work/graph topology are coupled with changes in the node/vertex dynamics, can give rise to rich
and complex dynamical behavior. Even though adaptivity can improve the modelling of collective
phenomena, it often complicates the analysis of the corresponding mathematical models significantly.
For non-adaptive systems, a possible way to tackle this problem is by passing to so-called continuum
or mean-field limits, which describe the system in the limit of infinitely many nodes. Although fully
adaptive network dynamic models have been used a lot in recent years in applications, we are still
lacking a detailed mathematical theory for large-scale adaptive network limits. For example, contin-
uum limits for static or temporal networks are already established in the literature for certain models,
yet the continuum limit of fully adaptive networks has been open so far. In this paper we introduce
and rigorously justify continuum limits for sequences of adaptive Kuramoto-type network models. The
resulting integro-differential equations allow us to incorporate a large class of co-evolving graphs with
high density. Furthermore, we use a very general measure-theoretical framework in our proof for repre-
senting the (infinite) graph limits, thereby also providing a structural basis to tackle even larger classes
of graph limits. As an application of our theory, we consider the continuum limit of an adaptive Ku-
ramoto model directly motivated from neuroscience and studied by Berner et al. in recent years using
numerical techniques and formal stability analysis.

Keywords. Adaptive networks; co-evolutionary networks; continuum limit; graph limits;
Kuramoto-type models.
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1. Introduction

Adaptive (or co-evolutionary) networks are models of diverse phenomena, ranging
from neuroscience, epidemiology, ecology to game theory, just to name a few [13, 15].
The main feature of adaptive networks is the coupling of dynamics of and on the net-
work. From the perspective of recent applications [5, 6, 16,18,19], it is understood that
the feedback mechanism between the network topology and the node dynamics can lead
to a wide variety of interesting effects. For example, bifurcation-induced transitions may
change their direction from super-critical (soft) transitions to sub-critical (hard) tran-
sitions [14,26], which are referred to as tipping points or critical transitions. Also, new
dynamical states such as multi-clusters can be induced by taking into account adaptiv-
ity [5]. Although a number of formal asymptotic methods or moment-closure schemes
exist to study adaptive networks mathematically [9, 23, 24], a rigorous mathematical
development of the field has just been started. One natural way to study networks
rigorously is to exploit the large-scale limit of an infinite number of nodes/vertices to
derive continuum or mean-field differential equations. This approach is not yet available
for adaptive networks. In this paper, we derive continuum limit differential equations
for adaptive/co-evolutionary dynamics given by Kuramoto-type models. The original
Kuramoto model was posed on a static graph and for all-to-all coupling originally by
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Kuramoto [29,30], who first used it to model synchronization of systems of coupled os-
cillators. We refer to [40] for a concise introduction to the original Kuramoto model and
to [1,2,39] for a more detailed view on the paradigmatic status of Kuramoto models as
well as for further references. A quite general class of adaptive Kuramoto-type models
on N oscillators/nodes can be written in the following form

dϕN
i

dt
= ϕ̇N

i = ωN
i (ϕN

i ,t)+
1

N

N∑
j=1

WN
ij (t)D(ϕN

i ,ϕN
j ), t> t0, (1.1a)

dWN
ij

dt
=ẆN

ij = −ε
(
WN

ij +H(ϕN
i ,ϕN

j )
)
, t> t0, (1.1b)

ϕN
i (t0)= ϕN,0

i , WN
ij (t0)=WN

ij , i,j∈{1,. ..,N}=: [N ], (1.1c)

where t∈ [t0,t0+T ]=:Tt0,T is the time interval with 0<T , ϕN
i =ϕN

i (t)∈T=R/(2πZ)
represents the phase of the i-th oscillator with initial phase ϕN,0

i ∈T for i∈ [N ], ωN
i :

T×R→R is the vector field describing the intrinsic frequency, D :T2→R is a coupling
function, WN (t)=(WN

ij (t))i,j=1,...N ∈RN×N is the time-evolving adjacency matrix of

the network of oscillators with the initial adjacency matrix WN
ij ∈R, which takes into

account the local information of two interacting oscillators via the function H :T2→R,
and ε>0 is a parameter; the structure of the model (1.1) is directly motivated by recent
applications [5,6]. The parameter ε controls the time scale between the dynamics on the
network of the phases and the dynamics of the network weights. In applications, one
frequently takes ε>0 small so that the network topology evolves slowly in comparison
to the node dynamics; we do not require this time scale separation for our results
but we believe it to be insightful to track ε throughout the calculations. Let us note
that the weights WN

ij (t) are not assumed to be symmetric, i.e., we do not assume that

WN
ij (t)=WN

ji (t) for all i,j∈ [N ], nor do we assume positivity of the weights. This
entails that our graphs can be directed, weighted, and signed. In order to investigate
the continuum limit of (1.1), we only need the convergence of the sequence of initial
conditions ϕN,0 andWN (t0). One may reasonably expect that without such convergence
but with certain tightness, the model (1.1) may converge to a family of sublimits.

We want to investigate the limit of (1.1) as the number of oscillators tends to
infinity (N→∞). If a suitable limiting differential equation exists, it is often analyt-
ically and/or numerically easier to handle than systems with finitely large N . This
approach can make it feasible to analytically understand phase transitions and syn-
chronization [34,38], chimera and clustered states [31], or multistability [41]. There are
different approaches to obtain a limiting equation. If the oscillator phases can be ar-
ranged on a limiting space and the pointwise limit exists as N→∞, then this is usually
referred to as the continuum limit. The other common approach is to aim for a mean-
field limit, which characterizes the weak limit of empirical distributions of the phases
of oscillators. For the classical all-to-all coupling topology, many results on limiting
equations exist, particularly for the mean-field limit [32,37]. Thanks to new techniques
for graph limits [4,33], there have been several works on mean-field or continuum limits
also for systems without all-to-all coupling [11, 25, 27, 28, 34–36]. In this work, we are
interested in continuum limits for adaptive Kuramoto-type models. For the static net-
work case, results with random weights were developed in [35], while the analysis of the
steady states on small-world graphs was carried out via continuum limits in [36]. In ad-
dition to the static restriction, another relevant assumption in [35,36] was the existence
of a limiting graphon, which places a density requirement on the coupling structure.
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Furthermore, if there is no feedback between network topology and node dynamics but
just a given time-dependent family of networks, continuum limits were considered in [3].
A view via moment hierarchies and formal moment closure can be found in [9]. In sum-
mary, the myriad application results for finite N for adaptive Kuramoto-type models
and the existing results for static/temporal network continuum limits for dense graphs,
naturally pose the question, whether one can derive continuum limits for fully adaptive
Kuramoto-type models on various classes of graph limits? In this paper, we answer this
question positively and establish rigorous results leading to a continuum limit non-local
integro-differential equation. We prove the well-posedness of the limiting equation and
pointwise approximation by solutions via a sequence of finite N models of the form (1.1).

It is worth mentioning that for some adaptive networks, the underlying graphs
may become sparser and lose connectivity as time evolves, c.f. [21, Section 2.1], where
well-posedness of the PDE for continuum limit of biological transportation networks is
derived; a method for rigorous transition to this continuum limit developed for the case
of regular geometry is [22]. Similarly, such phenomenon can also happen in our setting,
particularly when the response function H is not non-positive; indeed, the underlying
graph may not only become sparse and lose connectivity, but also have negative weights
too, when the time is large enough. To avoid this scenario from happening, we just
start with graphs dense enough so that they will not lose positivity in the time interval
of interest (see Assumption (A5) in Section 1.2 below).

1.1. The continuum limit. To start, we need a limiting structure for the
graph and fix (X,B(X),µX) as a Borel probability space. Here X can be regarded as
the vertex space of the graph limit with time-dependent edge weights. When one first
tries to introduce a continuum limit for (1.1), one realizes that it is unclear how to even
translate the evolution for the weights (1.1b) into the language of graph limits. Ideally,
we would like to be able to model a broad class of limiting graph topologies. One possible
way is to use the mathematical space of graphops, which is a very elegant and recent
mathematical framework for representing finite or infinite undirected graphs of arbitrary
density and their graph limits [4]. Recall from [4] that an undirected graph with positive
weights can be represented by a bounded, self-adjoint and positivity-preserving operator
A :L∞(X;µX)→L1(X;µX), where A is called a graphop. A graphop can be viewed as a
generalized concept for the adjacency matrix as for finite-dimensional graphs it coincides
with the adjacency matrix. Graphops are in direct correspondence to a family of finite
measures (ηx)x∈X , called fiber measures, via the Riesz representation theorem

(Af)(x)=

∫
X

f(y) dηx(y) µX -a.e. x∈X, for f ∈L∞(X;µX).

Intuitively, for a node x∈X, the fiber measure ηx defines the neighbors of x. For
instance, let X=[0,1]. If ηx is the uniform measure over [x,1] for x∈X, then the
node x is connected all the remaining nodes on its right. Now, having in mind this
representation of graphs via operators and corresponding fiber measures, we go a step
further and view a general weighted graph on X just as a family of finite measures
(ηx)x∈X . Then we embed the evolution for the weights (1.1b) in an evolution equation
for time-dependent measures (ηxt )x∈X ; note that in the literature on graph limits, one
would use a sub-index x to denote fiber measures of graphops but it seems more natural
for our context to use a super-index for x to have the sub-index more directly available
for the time dependence.

Having motivated the measure-theoretical framework for representing graphs, we
can now introduce the continuum limit of the adaptive Kuramoto-type model (1.1).
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Consider the initial value problem (IVP) of following family of integro-differential equa-
tions

∂ϕ(t,x)

∂t
= ω(x,ϕ(t,x),t)+

∫
X

D(ϕ(t,x),ϕ(t,y)) dηxt (y), t> t0, (1.2a)

∂ηxt (y)

∂t
= −εηxt (y)−εH(ϕ(t,x),ϕ(t,y))µX(y), t> t0, (1.2b)

ϕ(t0,x)= ϕ0(x), ηxt0 =ηx0 , (1.2c)

where ω :X×T×R→R is the frequency function and we consider initial conditions
(ϕ0,η0)∈C(X,T×M(X)) with M(X) denoting the space of finite signed Borel mea-
sures. Here, (1.2) is to be interpreted in the integral form:

ϕ(t,x)= ϕ0(x)+

∫ t

t0

[
ω(x,ϕ(τ,x),τ)+

∫
X

D(ϕ(τ,x),ϕ(τ,y)) dηxτ (y)

]
dτ, t>t0,

(1.3a)

ηxt (y)= ηx0 −ε

∫ t

t0

ηxτ (y) dτ−ε

∫ t

t0

H (ϕ(τ,x),ϕ(τ,y))µX(y) dτ, t>t0, (1.3b)

ϕ(t0,x)= ϕ0(x), ηxt0 =ηx0 . (1.3c)

Moreover, note that (1.2b) ((1.3b), respectively) is an evolution equation for the time-
evolving family of measures (ηxt )x∈X , which should be understood in the weak sense,
meaning that for any bounded continuous test-function f ∈Cb(X) we have∫

X

f(y) dηxt (y)=

∫
X

f(y) dηx0 (y)−ε

∫ t

t0

(∫
X

f(y) dηxτ (y)

)
dτ

−ε

∫ t

t0

(∫
X

f(y)H(ϕ(τ,y)−ϕ(τ,x)) dµX(y)

)
dτ. (1.4)

Definition 1.1 (Solution for the IVP of the continuum limit). A pair (ϕ,η)∈
C(Tt0,T ×X,T×M(X)) is called a solution to the IVP (1.2) if it satisfies (1.3) for all
x∈X and t∈Tt0,T , i.e., for some T >0. In particular, (ϕ,η) is called a global solution
to the IVP (1.2) if it exists for t∈ [t0,∞).

1.2. Main results. In the following, let X be a compact subset of finite-
dimensional Euclidean space equipped with the metric dX(x,y). We use dTk(ϕ,φ)
to denote the geodesic distance between ϕ,φ on the unit circle/torus Tk :=Rk/Zk

for k=1,2. We use | · | to denote the usual Euclidean 2-norm. Hence, we trivially
have dTk(ϕ,φ)≤|ϕ−φ|. Let M+(X) be the space of finite positive measures and
Mabs(X) be the space of finite measures continuous with respect to the reference mea-
sure µX . Furthermore, let M+,abs(X)=Mabs(X)∩M+(X). For any a∈R and T >0,
let Ta,T =[a,a+T ]. The first main theorem in this paper shows that the IVP for the
continuum limit (1.2) under the assumptions below is well-posed and yields graphs with
positive edge-weights (cf. Section 2). Let Mabs(X) be the set of all positive measures
absolutely continuous with respect to µX . Assume

(A1) D : T2→R is Lipschitz continuous1: For ϕ,φ∈T2,

|D(ϕ)−D(φ)|≤Lip(D)dT2(ϕ,φ),

where Lip(D) is the Lipschitz constant of function D.

1Equivalently, D can be extended to be a period-1 (coordinate-wise) Lipschitz continuous function
on R2.
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(A2) H : T2→R is Lipschitz continuous: For ϕ,φ∈T2,

|H(ϕ)−H(φ)|≤Lip(H)dT2(ϕ,φ).

(A3) ω :X×T×R→R is continuous in t and Lipschitz continuous in ϕ and x: For
all x,x′∈X, t∈R, and ϕ,φ∈T,

|ω(x,ϕ,t)−ω(x′,φ,t)|≤Lip(ω)
(
dX(x,x′)+dT2(ϕ,φ)

)
.

(A4) (ϕ0,η0)∈C(X,T×M(X)).

(A5) η0∈C(X,M+,abs(X)) and W (x,y) :=
dηx

0

dµX
(y) satisfies

inf
x,y∈X

W (x,y)≥∥H∥∞(eεT −1), (1.5)

where ∥H∥∞=sup(ϕ,φ)∈T2 |H(ϕ,φ)| is the supremum norm of the continuous
function H.

We make a few remarks about the above assumptions. (A1)-(A3) are the regularity
conditions of the model. The continuity of ω in x in (A3) is not necessary for the
wellposedness of the model (1.3), but for the approximation result. In applications,
when the natural frequency is independent of the labels of the oscillators, such continuity
trivially holds. Conversely, in case the continuity collapses, then one may not expect
the model to be approximated by a sequence of discrete models and thus the model
(1.3) may naturally be of little interest for the approximation purpose. The continuity
in the initial condition (A4) is crucial in establishing not only the well-posedness but
also the approximation result (see Theorem 1.1 and Theorem 1.2 below). (A5) is a
technical condition for the positivity of the limit graph ηt for t∈Tt0,T . Nevertheless,
such a condition can be further relaxed to

η0∈B+(X,M+(X)) provided ∥h+∥∞>0,

where

B+(X,M+(X))=

{
ξ∈B(X,M+(X)) : inf

x∈X
essinfy∈X

dξx,a(y)

dµX(y)
>0

}
and ξx,a(y)

dµX(y) is the density of the absolutely continuous part ξx,a of ξ w.r.t. the reference

measure µX ; c.f. our companion work [12] for the mean field limit of model (1.1), where
it is pointed out that, for example, in case where H is non-positive, (A5) is removable
and we do allow the initial graph to be sparse (e.g., a ring network where each node is
connected to its 1-nearest neighbours, or a tree network), c.f., [12, Section 6].

We are now ready to state our first main result.

Theorem 1.1 (Existence and uniqueness of solutions). Assume (A1)-(A4), then
there exists a unique global solution (ϕ,η)∈C([t0,+∞)×X,T×M(X)) of the continuum
limiting Equation (1.2). Furthermore, if (A5) holds, then we have (ϕ(t),ηt)∈C(X,T×
M+(X)) for all t∈Tt0,T .

The proof of this result is given in Section 3. Our second main result justifies (1.2)
as the continuum limit of (1.1), more precisely, (1.2) can be approximated by a sequence
of discrete models in the form of (1.2) as N→∞. To state this result, additional to the
assumptions (A1)- (A4), we need to impose additional regularity conditions:

(A6) W (x,y) defined in (A5) is continuous in both x and y.
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(A7) For every N ∈N, there exists a uniform partition (XN
i )i∈[N ] of X with respect

to µX such that

µX(XN
i )=

1

N
, i∈ [N ], X=

N⋃
i=1

XN
i

and

lim
N→∞

sup
i∈[N ]

diam(XN
i )=0.

To state the discrete approximation result, it is helpful to introduce suitable dis-
cretized functions as well as matrices. Let (XN

i )i∈[N ] be a partition satisfying (A7), for
N ∈N. For every N ∈N, i∈ [N ], let the frequencies ωN

i be given by

ωN
i (φ,t) :=N

∫
XN

i

ω(y,φ,t) dµX(y), φ∈T, t∈R. (1.6)

Let the (initial) weights be given by the formula

WN
i,j :=N2

∫
XN

i ×XN
j

W (x,y) dµX(x) dµX(y), i,j∈ [N ], (1.7)

or via the formula

WN
i,j :=W (x0,y0), i,j∈ [N ], (1.8)

for any (x0,y0)∈XN
i ×XN

j . The initial conditions ϕN,0∈TN are given by

ϕN,0
i :=N

∫
XN

i

ϕ0(y) dy. (1.9)

Let {ϕN
j (t)}1≤j≤N be the solution to (1.1) with (1.6), (1.7) and (1.9).

Finally, we use some appropriate metric dTt0,T ,∞ (see Equation (2.3) in Section 2
for a precise definition) to compare solutions of (1.2) with those of (1.1). To compare
with the solution to (1.2), we define the “lifted” tuple (ϕN ,ηN )∈C(Tt0,T ,B(X,T))×
C(Tt0,T ,B(X,M(X)))2 from the solution of the discretized model (1.2) as follows:

ϕN (t,x) :=

N∑
j=1

ϕN
j (t)χXN

j
(x), (1.10)

where ξB is the indicator function of a set B and ηN ∈C(Tt0,T ,B(X,M(X))) is defined
by the step function WN :Tt0,T ×X2→R via

WN (t;x,y) :=

N∑
i,j=1

WN
i,j(t)χXN

i ×XN
j
(x,y), (x,y)∈X2; d(ηN )xt (y) :=WN (t;x,y)dµX(y).

(1.11)

2Here B(X,M(X)) is the space of bounded measurable functions from X to M(X).
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Theorem 1.2 (Discrete approximation). Assume (A1)-(A2), and (A4)-(A7). Let
ϕ(t,x) be the solution to the IVP (1.2). Let(

(ϕN
j )Nj=1,(W

N
i,j)

N
i,j=1

)
∈C(Tt0,T , TN ×RN×N )

be the solution to (1.1) with (1.6), (1.7) or (1.8), and (1.9). Let (ϕN ,ηN )∈
C(Tt0,T ,L∞(X,T))×C(Tt0,T ,B(X,M(X))) be defined in (1.10) and (1.11). Then

lim
N→∞

dTt0,T ,∞
(
(ϕ,η),(ϕN ,ηN )

)
=0, (1.12)

where dTt0,T ,∞ is defined in (2.3).

1.3. Outline of the paper. In Section 2 we will introduce notation and provide
some background material from measure theory. After that, Section 3 is devoted to the
proof of Theorem 1.1. In Section 4 we prove continuous dependence, and hence well-
posedness of the limiting integro-differential equation. In Section 5 we develop the proof
of Theorem 1.2. To do this, we need to show that the co-evolutionary Kuramoto-type
models of the form (1.1) can be viewed as a special continuum limit (1.2) (Proposition
5.1). In Section 6, we apply our main results to a special Kuramoto model studied in [5].
We conclude with a brief discussion of our results and an outlook in Section 7.

2. Preliminaries
As we have described in the introduction (cf. Section 1.1), we regard a weighted,

time-evolving graph on the compact vertex setX as a family of time-dependent measures
(ηxt )x∈X , which can be viewed as the disintegration of a family of measures ηt on the
edge setX×X. For a very detailed explanation and justification of why we can interpret
these measures as generalized graphs, we refer the reader to [4, 28].

For a set A⊆X, let diamA be the diameter of A. Here, M(X) denotes the space
of all finite signed measures on X and M+(X) the space of all finite positive mea-
sures. Let B1(X) be the space of measurable bounded functions f :X→R such that
supx∈X |f(x)|≤1 and let BL1(X) be the space of bounded Lipschitz continuous func-
tions f :X→R with |f |≤1 and Lipschitz constant Lip(f)≤1. Recall that [8, Chapter
8]

• the space M(X) equipped with the total variation norm

∥µ∥∗TV : = sup
f∈B1(X)

∫
X

f dµ

is a Banach space.

• the space M+(X) equipped with the bounded Lipschitz norm

∥µ∥∗BL : = sup
f∈BL1(X)

∫
X

f dµ

is a Banach space.
Next, we provide basic definitions and properties for spaces of measure-valued functions
from [28].

Definition 2.1. Let (ηt)t∈R⊆M(X). If

lim
ε→0

ηt+ε−ηt
ε

∈M(X)
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exists, then

dηt
dt

= lim
ε→0

ηt+ε−ηt
ε

is called the derivative of ηt at t.

Example 2.1. Let F ∈C1(X) and µ∈M(X). Define

ηt=F (t)µ∈M(X), for all t∈R.

Then we claim that dηt

dt =F ′(t)µ. Indeed, for any f ∈Cb(X), we have f ∈L1(X;µ) since
X is compact, which implies by Dominated Convergence Theorem that

lim
ε→0

∫
X

f d
F (t+ε)−F (t)

ε
µ= lim

ε→0

∫
X

f
F (t+ε)−F (t)

ε
dµ

=

∫
X

f lim
ε→0

F (t+ε)−F (t)

ε
dµ=

∫
X

fF ′(t) dµ=F ′(t)

∫
X

f dµ,

i.e., we find dηt

dt =F ′(t)µ.

Not all families of parameterized measures are differentiable.

Example 2.2. Let ηt= δt. Then for all f ∈Cb(R) we get

lim
ε→0

∫
R
f d

δt+ε−δt
ε

= lim
ε→0

f(t+ε)−f(t)

ε
,

which may not exist, e.g., consider the function f(x)=(1+
√
x)−1/2.

Proposition 2.1. Let N be a compact interval of R. Assume η∈C(N ,M(X)). Let

t0∈N . Then ξt=
∫ t

t0
ητ dτ ∈M(X) understood in the weak sense∫
X

f dξt=

∫ t

t0

(∫
X

f dητ

)
dτ, ∀f ∈Cb(X),

is differentiable at t for all t∈N , where the derivative is understood as one-sided for
the two endpoints of N .

Proof. Since η∈C(N ,M(X)), we have ∥ηt∥∗TV<∞ for all t∈N . Hence, ξt∈M(X)
for all t∈N . Moreover, for minN <t<maxN , let 0<ε≤maxN − t, so that we obtain

1

ε

∫
X

f d(ξt+ε−ξt)=
1

ε

∫ t+ε

t

(∫
X

f dητ

)
dτ, ∀f ∈Cb(X),

which implies that∣∣∣∣1ε
∫
X

f d(ξt+ε−ξt)−
∫
X

dηt

∣∣∣∣≤ 1

ε

∫ t+ε

t

∣∣∣∣∫
X

f d(ητ −ηt)

∣∣∣∣ dτ

≤
(
maxX f−minX f

2

)
1

ε

∫ t+ε

t

∥ητ −ηt∥∗TV dτ ≤ maxX f−minX f

2
max

τ∈[t,t+ε]
∥ητ −ηt∥∗TV.

Analogously, we get∣∣∣∣1ε
∫
X

f d(ξt−ε−ξt)−
∫
X

f dηt

∣∣∣∣≤maxX f−minX f

2
max

τ∈[t−ε,t]
∥ητ −ηt∥∗TV.
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Since η∈C(N ,M(X)) is uniformly continuous in t∈N and maxX f−minX f
2 <∞, we have

lim
ε→0

1

ε

∫
X

f d(ξt−ε−ξt)=

∫
X

f dηt, ∀f ∈Cb(X),

i.e., this just means

ξ′(t)=ηt. (2.1)

Similarly, (2.1) holds for t=minN and t=maxN upon computing with suitable one-
sided limits.

Recall that B(X,M(X)) denotes the space of bounded measurable functions from
X to M(X). For any η∈B(X,M(X)), let

∥η∥∗ := sup
x∈X

∥ηx∥∗TV.

Let η∈C(Tt0,T ,B(X,M(X))), then with a slight abuse of notation, which will be clear
from the context, we set

∥η∥∗ := sup
t∈Tt0,T

sup
x∈X

∥ηxt ∥∗TV≥ sup
t∈Tt0,T

sup
x∈X

|ηxt |(X).

In particular, the upper-star notation will always denote the supremum norm over all
free variables. Note that if the cardinality of X is infinite, then the topology induced by
the bounded Lipschitz norm is strictly weaker than that induced by the total variation
norm, and hence by Banach’s Theorem the space M equipped with the bounded Lips-
chitz norm is not complete since the two norms are not equivalent [8]. For instance, let
X=[0,1]. Then {1/n}n⊆X a sequence converging to 0. Then the sequence of Dirac
measures {δ1/n} converges weakly (in bounded Lipschitz norm) to δ0 since

∥δ1/n−δ0∥BL= sup
f∈BL1(X)

∫
X

fd(δ1/n−δ0)≤|1/n−0|→0, as n→∞.

In contrast,

∥δ1/n−δ0∥TV=2,

which implies that {δ1/n} does not converge to δ0 in total variation norm. Furthermore,
for any (ϕ,η),(φ,ξ)∈L∞(X,T)×B(X,M(X)) we define the metric

d∞((ϕ,η),(φ,ξ)) :=dT,∞(ϕ,φ)+∥η−ξ∥∗, (2.2)

where dT,∞(ϕ,φ) :=esssupx∈XdT(ϕ(x),φ(x)). Finally, for any compact interval N ⊆R,
define a uniform metric on C(N ,L∞(X,T))×C(N ,B(X,M(X))) by

dN ,∞((ϕ,η),(φ,ξ))= sup
t∈N

d∞((ϕ(t),ηt),(φ(t),ξt)). (2.3)

Proposition 2.2. Let N ⊆R be a compact interval. Then

• C(X,T×M(X)) endowed with the metric d∞ defined in (2.2) is a complete
metric space.

• C(N ×X,T×M(X)) endowed with the metric dN ,∞ defined in (2.3) is a com-
plete metric space.

Proof. Recall that (T,dT) is a complete metric space and (M(X),∥·∥TV) is a Banach
space [8]. Since the space of continuous functions from one complete metric space to
another complete metric space is also complete, the conclusions follow.



92 CONTINUUM LIMITS FOR ADAPTIVE NETWORK DYNAMICS

3. Existence and uniqueness of solutions
Proof. (Proof of Theorem 1.1.) For a small 0<t∗ (to be specified later) we set

T =Tt0,t∗ =[t0,t0+ t∗]. In the following, we prove the conclusions in several steps. We
first show the solution exists locally in a subset of C(T ×X,T×M(X)), and then we
show the uniqueness of solutions in C(T ×X,T×M(X)) using Gronwall’s inequality.
Next, we extend the solution to an open maximal existence interval, and using an a-
priori estimate we can show the global existence. Finally we prove the positivity of the
second component of the solution.

To show the local existence of solutions, we will construct a subspace Ω of C(T ×
X,T×M(X)) and apply the Banach fixed-point theorem to the space Ω of solutions.
Note that, due to the compactness of T2 and the continuity of H,D, we have that the
functions H,D are uniformly bounded. In the following we assume 0<t∗<ε−1. Let

σ≥ ∥H∥∞+∥η0∥∗

1−t∗ε
, where we recall ∥η0∥∗=supx∈X ∥ηx0∥∗TV, and the convention

∥η−ξ∥∗=sup
t∈T

sup
x∈X

∥ηxt −ξxt ∥∗TV, η,ξ∈C(T ×X,M(X)).

We are ready to define the space

Ω={(ϕ,η)∈C(T ×X,T×M(X)) : ϕ(t0,x)=ϕ0(x), η
x
t0 =ηx0 , ∀x∈X, ∥η−η0∥∗TV≤σ},

where ∥η−η0∥∗TV=supt∈T supx∈X ∥ηxt −ηx0∥∗TV. Henceforth, we also use η0∈C(T ×
X,M(X)) for the constant function (η0)

x
t =ηx0 for t∈T and x∈X. Note that Ω,

equipped with the metric d̂ defined in (2.3), is complete since it is a closed subset
of the complete metric space C(T ×X,T×M(X)), cf. Proposition 2.2. Next, we de-
fine the operator A=(A1,A2)={Ax}x∈X ={(A1,x,A2,x)}x∈X from Ω to Ω: For every
x∈X, and (ϕ,η)∈Ω,

A1,x(ϕ,η)(t)= ϕ0(x)+

∫ t

t0

[
ω(x,ϕ(x,τ),τ)+

∫
X

D(ϕ(τ,x),ϕ(τ,y))dηxτ (y)

]
dτ (3.1)

(A2,x(ϕ,η)(t))(y)= ηx0 (y)−ε

∫ t

t0

ηxτ (y)dτ−ε

(∫ t

t0

H(ϕ(τ,x),ϕ(τ,y))dτ

)
µX(y), y∈X.

(3.2)

Here we note that the definition of the operator A2,x is to be understood as in (1.4),
i.e., in the weak sense. In Steps 1. and 2. below, we show that the n-th iteration An

for some n∈N is a contraction mapping from Ω to Ω.

Step 1. A is a mapping from Ω to Ω, this means we need to show: For (ϕ,η)∈Ω, we
also have A(ϕ,η)∈Ω.

Step 1.1. It is obvious that A1,x(ϕ,η)(t)∈T. That A2,x(ϕ,η)(t)∈M(X) for t∈T
follows from

sup
τ∈T

sup
y∈X

|H(ϕ(τ,x),ϕ(τ,y))|≤∥H∥∞

as well as

sup
t∈T

|ηxt |(X)≤∥η0∥∗+σ<∞.

Furthermore, it is trivial to check that A(ϕ,η)1,x(t0)=ϕ0(x) and
A(ϕ,η)2,x(t0)=ηx0 .
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Step 1.2. We want to show that t 7→Ax(ϕ,η)(t) is continuous. Let t, t′∈T with
t<t′.

|A1,x(ϕ,η)(t)−A1,x(ϕ,η)(t′)|

=

∣∣∣∣∣
∫ t′

t

[
ω(x,ϕ(x,τ),τ)+

∫
X

D(ϕ(τ,x),ϕ(τ,y))dηxτ (y)

]
dτ

∣∣∣∣∣
≤
∫ t′

t

∣∣∣∣ω(x,ϕ(x,τ),τ)+∫
X

D(ϕ(τ,x),ϕ(τ,y))dηxτ (y)

∣∣∣∣dτ
≤
(
∥ω∥∞+∥D∥∞ sup

t∈N
|ηxt |(X)

)
|t− t′|

≤(∥ω∥∞+∥D∥∞(∥η0∥∗+σ))|t− t′|→0, as |t− t′|→0.

Next, we verify the continuity of t 7→A2,x(ϕ,η)(t). By the definition of
total variation norm, for t<t′, and the definition of A2,x(ϕ,η)(t) in (3.2)
(which, once again we recall, is to be understood, as (1.4), in the weak
sense)

∥A2,x(ϕ,η)(t)−A2,x(ϕ,η)(t′)∥∗TV

= sup
f∈B1(X)

∫
X

f d
(
A2,x(ϕ,η)(t)−A2,x(ϕ,η)(t′)

)
≤ ε

∫ t′

t

sup
f∈B1(X)

∫
X

f(y) d(ηxτ (y)−H(ϕ(τ,x),ϕ(τ,y)) dµX(y)) dτ

≤ ε|t′− t|
(
sup
τ∈T

∥ηx0 −ηxτ ∥∗TV+sup
τ∈T

∥ηx0 (·)−H(ϕ(τ,x),ϕ(τ,·))µX(·)∥∗TV
)

≤ ε|t′− t|(σ+2∥η0∥∗+∥H∥∞)→0, as |t− t′|→0.

Here in the last inequality we used that

sup
τ∈T

∥ηx0 (·)−H(ϕ(τ,x),ϕ(τ,·))µX(·)∥∗TV

≤∥η0∥∗+sup
τ∈T

sup
f∈B1(X)

∫
X

f(y)H(ϕ(τ,x),ϕ(τ,y))︸ ︷︷ ︸
≤∥H∥∞

dµX(y)

≤∥η0∥∗+∥H∥∞.

Step 1.3. We show x 7→Ax(ϕ,η)(t) is continuous provided x 7→ηx0 is continuous.
First, we verify the continuity of A1,x(ϕ,η)(t) in x. For x,x′∈X,t∈T
we have

|A1,x(ϕ,η)(t)−A1,x′
(ϕ,η)(t)|

≤|ϕ0(x)−ϕ0(x
′)|

+

∫ t

t0

|ω(x′,ϕ(x,τ),τ)−ω(x′,ϕ(x′,τ),τ)| dτ

+
∣∣∣∫ t

t0

D(ϕ(τ,x),ϕ(τ,y))d
(
ηxτ −ηx

′

τ

)
(y)

∣∣∣
+
∣∣∣∫ t

t0

D(ϕ(τ,x),ϕ(τ,y))−D(ϕ(τ,x′),ϕ(τ,y)) dηx
′

τ (y)
∣∣∣
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≤|ϕ0(x)−ϕ0(x
′)|

+(t− t0)Lip(ω)dX(x,x′)+Lip(ω)

∫ t

t0

|ϕ(x,τ)−ϕ(x′,τ)| dτ

+∥D∥∞
∫ t

t0

∥ηxτ −ηx
′

τ ∥∗TV dτ

+Lip(D)

∫ t

t0

|ϕ(x,τ)−ϕ(x′,τ)| ∥ηx
′

τ ∥∗TV︸ ︷︷ ︸
≤∥η0∥∗+σ

dτ

→0, as dX(x,x′)→0,

due to the Dominated Convergence Theorem, since ϕ0∈C(X,T), as well as
∥ηxτ −ηx

′

τ ∥∗TV→0, |ϕ(τ,x)−ϕ(τ,x′)|→0, as dX(x,x′)→0 for every τ ∈T .
Next, we verify the continuity of x 7→A2,x(ϕ,η)(t). By the definition of
total variation norm, for x,x′∈X,t∈T , and the definition of A2,x(ϕ,η)(t)
in (3.2) we have

∥A2,x(ϕ,η)(t)−A2,x′
(ϕ,η)(t)∥∗TV

= sup
f∈B1(X)

∫
X

f d
(
A2,x(ϕ,η)(t)−A2,x′

(ϕ,η)(t)
)

≤ ε∥ηx0 −ηx
′

0 ∥∗TV+ε

∫ t

t0

∥ηxτ −ηx
′

τ ∥∗TV dτ

+ε

∫ t

t0

∫
X

|H(ϕ(τ,x),ϕ(τ,y))−H(ϕ(τ,x′),ϕ(τ,y))| dµX(y) dτ

≤ ε∥ηx0 −ηx
′

0 ∥∗TV+ε

∫ t

t0

∥ηxτ −ηx
′

τ ∥∗TV dτ

+εLip(H)

∫ t

t0

|ϕ(τ,x)−ϕ(τ,x′)| dτ →0, as dX(x,x′)→0,

due to the Dominated Convergence Theorem, since η0∈C(X,M(X)), as
well as ∥ηxτ −ηx

′

τ ∥∗TV→0, |ϕ(τ,x)−ϕ(τ,x′)|→0, as dX(x,x′)→0 for every
τ ∈T .

Step 1.4. In the last part of the first step, we also have to show that

∥A2(ϕ,η)−η0∥∗=sup
t∈T

sup
x∈X

∥A2,x(ϕ,η)(t)−ηx0∥∗TV≤σ.

Indeed, since A2,x(ϕ,η)(0)=ηx0 , by Step 1.2.,

∥A2,x(ϕ,η)(t)−ηx0∥∗TV
≤ ε|t− t0|(σ+∥η0∥∗+∥H∥∞)

≤ εt∗(σ+∥η0∥∗+∥H∥∞)≤σ.

Step 2. Next, we want to show that the n-th iteration An of the operator A is a con-
traction mapping for some n∈N. So we consider (ϕ,η), (ϕ̃, η̃)∈Ω. We estimate
the first component of the operator applied to the difference as follows∣∣∣A1,x(ϕ,η)(t)−A1,x(ϕ̃, η̃)(t)

∣∣∣
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≤
∣∣∣∣∫ t

t0

ω(x,ϕ(τ,x),τ)−ω(x,ϕ̃(τ,x),τ) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

(D(ϕ(τ,x),ϕ(τ,y))−D(ϕ̃(τ,x),ϕ̃(τ,y))) dηx0 (y) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

(D(ϕ(τ,x),ϕ(τ,y))−D(ϕ̃(τ,x),ϕ̃(τ,y))) d(ηxτ (y)−ηx0 (y)) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

D(ϕ̃(τ,x)ϕ̃(τ,y)) d(ηxτ (y)− η̃xτ (y)) dτ

∣∣∣∣
≤Lip(ω)

∫ t

t0

∥ϕ(τ,·)− ϕ̃(τ,·)∥∞ dτ

+2Lip(D)|ηx0 |(X)

∫ t

t0

∥ϕ(τ,·)− ϕ̃(τ,·)∥∞ dτ

+2Lip(D) sup
τ∈N

∥ηxτ −ηx0∥∗TV
∫ t

t0

∥ϕ(τ,·)− ϕ̃(τ,·)∥∞ dτ

+∥D∥∞
∣∣∣∣∫ t

t0

dTV(η
x
τ , η̃

x
τ ) dτ

∣∣∣∣ .
Moreover, we have

∥A2,x(ϕ,η)(t)−A2,x(ϕ̃, η̃)(t)∥∗TV

= sup
f∈B1(X)

∫
X

f d
(
A2,x(ϕ,η)(t)−A2,x(ϕ̃, η̃)(t)

)
≤ ε

(∣∣∣∣∫ t

t0

∥ηxτ − η̃xτ ∥∗TV dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

|H(ϕ(τ,x),ϕ(τ,y))−H(ϕ̃(τ,x),ϕ̃(τ,y))| dτ dµX(y)

∣∣∣∣)
≤ ε

(∣∣∣∣∫ t

t0

∥ηxτ − η̃xτ ∥∗TV dτ

∣∣∣∣+2Lip(H)

∣∣∣∣∫ t

t0

∥ϕ(τ,·)− ϕ̃(τ,·)∥∞ dτ

∣∣∣∣).

Combining the two previous estimates and using the triangle inequality we
finally get (recall the definition of the metric d∞ in (2.2))

d∞

(
A(ϕ,η)(t),A(ϕ̃, η̃)(t)

)
≤M3

∣∣∣∣∫ t

t0

d∞((ϕ(τ),ητ ),(ϕ̃(τ), η̃τ )) dτ

∣∣∣∣ ,
with the constantM3 :=4

(
Lip(ω)+Lip(D)+∥D∥∞+ε(1+Lip(H))

)
(∥η0∥∗+σ).

Taking the supremum over t∈T in both sides of last inequality we obtain

dT ,∞

(
A(ϕ,η),A(ϕ̃, η̃)

)
≤M3t∗dT ,∞((ϕ,η),(ϕ̃, η̃)). (3.3)

Hence for small enough t∗ (such that M3t∗<1) we have that A is a contrac-
tion. By the Banach contraction mapping principle, which is applicable due
to Proposition 2.2 and (3.3), there exists a unique fixed point P of A. Hence,
there exists a unique solution (ϕ,η) for t∈T in Ω⊆C(T ×X,T×M(X)) to the
continuum limiting Equation (1.2).
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Step 3. By the previous steps we have established a unique solution in [t0,t0+ t∗]. We
now want to show that a global solution exists on [t0,+∞). By Zorn’s lemma
(transfinite induction), one can always extend the solution by repeating Steps 1-
2 indefinitely up to a maximal existence time Tmax with the dichotomy:

(i) limt↑Tmax
|ϕ(t)|+∥η∥∗=∞;

(ii) Tmax=+∞.
Note that |ϕ(t)|≤1 since ϕ(t)∈T. Moreover, by (1.2b),

∥η∥∗≤∥η0∥∗+∥H∥∞ε

∫ t

t0

e−ε(t−τ)dτ ≤∥η0∥∗+∥H∥∞, t≥ t0,

which implies case (i) will never occur. Hence Tmax=+∞.

Step 4. By Steps 1-3, there exists a global solution (ϕ(t),ηt)∈C([t0,+∞)×X,T×
M(X)) of the continuum limiting Equation (1.2). Next, we show that the

solution is unique in C(Tt0,T ×X,T×M(X)), for any T >0. Let (ϕ,η), (ϕ̃, η̃)∈
C(Tt0,T ×X,T×M(X)) be two solutions to the IVP of (1.2). Similarly to (3.3),
one can show: For t∈Tt0,T ,

d∞((ϕ(t),ηt),(ϕ̃(t), η̃t))≤M3

∫ t

t0

d∞((ϕ(τ),ητ ),(ϕ̃(τ), η̃τ )) dτ

which implies by the Gronwall inequality that

d∞((ϕ(t),ηt),(ϕ̃(t), η̃t))=0.

This shows that the solution to the IVP of (1.2) is unique and in C(Tt0,T ×
X,T×M(X)).

Step 5. By Steps 1-4, there exists a unique global solution (ϕ(t),ηt)∈C([t0,+∞)×
X,T×M(X)) of the continuum limiting Equation (1.2). It only remains to
prove the last statement about the positivity of ηt. Since η solves (1.2b), for
every x∈X, we calculate that

ηxt (y)= e−ε(t−t0)ηx0 (y)−ε

∫ t

t0

e−ε(t−τ) (H(ϕ(τ,x),ϕ(τ,y)))µX(y) dτ,

where last equality is to be understood in the weak sense, cf. (1.4). For any
B∈B(X)3, let χB denote the characteristic function on the set B. For any
x∈X and t∈Tt0,T we have 4

ηxt (B)=

∫
X

χB(y)dη
x
t (y)

= e−ε(t−t0)ηx0 (B)−ε

∫ t

t0

e−ε(t−τ)

∫
B

(H(ϕ(τ,x),ϕ(τ,y)))dµX(y)dτ

≥ e−ε(t−t0)ηx0 (B)−ε

∫ t

t0

e−ε(t−τ)∥H∥∞
∫
B

dµx(y)dτ

3Here B(X) is the set of Borel subsets of X.
4Note that by a standard approximation argument we can replace the test function f by χB in

(1.4).
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≥ e−ε(t−t0)ηx0 (B)−ε∥H∥∞µX(B)

∫ t

t0

e−ε(t−τ)dτ

= e−ε(t−t0)ηx0 (B)−∥H∥∞µX(B)(1−e−ε(t−t0))>0,

provided

inf
y∈X

dηx0 (y)

dµX(y)
≥ sup

t∈Tt0,T

∥H∥∞(eε(t−t0)−1)=∥H∥∞(eεT −1),

for all x∈X.

4. Continuous dependence
Having established existence and uniqueness of solutions of the integro-differential

Equations (1.2), we next want to prove that such equations behave regularly in the
sense that they depend continuously on the initial data and on the function ω. Recall
(cf. Equation (2.2)) that for any (ϕ,η),(φ,ξ)∈C(X,T×M(X)),

d∞((ϕ,η),(φ,ξ)) :=∥ϕ−φ∥∞+∥η−ζ∥∗.

Proposition 4.1.
(i) (Continuous dependence on the initial conditions.) Let (ϕ0,η0),(ϕ̃0, η̃0)∈
C(X,T×M(X)). Let (ϕ,η), (ϕ̃, η̃)∈C(Tt0,T ×X,T×M(X)) be solutions to (1.2a) and

(1.2b) subject to the initial conditions (ϕ0,η0),(ϕ̃0, η̃0), respectively. Then there exists a
constant C1 depending on ω, D, H, ε such that

d∞((ϕ(t),η(t)),(ϕ̃(t), η̃(t)))≤d∞((ϕ0,η0),(ϕ̃0, η̃0))e
C1t, t∈Tt0,T .

(ii) (Continuous dependence on ω.) Let (ϕ0,η0)∈C(X,T×M(X)) and ω,ω̃∈
C(X). Let (ϕ,η), (ϕ̃, η̃)∈C(Tt0,T ×X,T×M(X)) be solutions to (1.2) and (1.2) with
ω replaced by ω̃, respectively. Then we obtain

d∞((ϕ(t),ηt),(ϕ̃(t), η̃t))≤
(
T∥ω− ω̃∥∞

)
eC1t, t∈Tt0,T .

Proof.
(i) We calculate for any t∈Tt0,T and x∈X that∣∣∣ϕ(t,x)− ϕ̃(t,x)

∣∣∣≤∥ϕ0− ϕ̃0∥∞+

∣∣∣∣∫ t

t0

ω(x,ϕ(τ,x),τ)−ω(x,ϕ̃(τ,x),τ) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

(D(ϕ(τ,x),ϕ(τ,y))−D(ϕ̃(τ,x),ϕ̃(τ,y))) dηxτ (y) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

D(ϕ̃(τ,x),ϕ̃(τ,y)) d(ηxτ (y)− η̃xτ (y)) dτ

∣∣∣∣
≤∥ϕ0− ϕ̃0∥∞

+Lip(ω)

∫ t

t0

∥ϕ(τ,·)− ϕ̃(τ,·)∥∞ dτ

+2Lip(D)

∫ t

t0

∥ϕ(τ,·)− ϕ̃(τ,·)∥∞∥ητ∥∗ dτ+∥D∥∞
∫ t

t0

∥ηxτ − η̃xτ ∥∗TV dτ.
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Moreover, by (1.4) we have

∥ηxt − η̃xt ∥∗TV= sup
f∈B1(X)

∫
X

f d(ηxt − η̃xt )

≤ ∥η0− η̃0∥∗TV+ε

∣∣∣∣∫ t

t0

∥ηxτ − η̃xτ ∥∗TV dτ

∣∣∣∣
+ε

∣∣∣∣∫ t

t0

∫
X

|H(ϕ(τ,x),ϕ(τ,y))−H(ϕ̃(τ,x),ϕ̃(τ,y))| dτ dµX(y)

∣∣∣∣
≤ ∥η0− η̃0∥∗TV+ε

∫ t

t0

∥ηxτ − η̃xτ ∥∗TV dτ+2εLip(H)

∫ t

t0

∥ϕ(τ,·)− ϕ̃(τ,·)∥∞ dτ.

Hence, combining the last two inequalities, we may conclude that

d∞((ϕ(t),ηt),(ϕ̃(t), η̃t))≤d∞((ϕ0,η0),(ϕ̃0, η̃0))+C1

∫ t

t0

d∞((ϕ(τ),ητ ),(ϕ̃(τ), η̃τ )dτ,

where C1 :=
(
Lip(ω)+2Lip(D)∥η∥∗+2εLip(H)+ε+∥D∥∞

)
. Finally, by Gronwall’s in-

equality it follows that

d∞((ϕ(t),ηt),(ϕ̃(t), η̃t))≤d∞((ϕ0,η0),(ϕ̃0, η̃0))e
C1t.

(ii) We have that∣∣∣ϕ(t,x)− ϕ̃(t,x)
∣∣∣≤∣∣∣∣∫ t

t0

ω(x,ϕ(τ,x),τ)− ω̃(x,ϕ̃(τ,x),τ)dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

(D(ϕ(τ,x),ϕ(τ,y))−D(ϕ̃(τ,x),ϕ̃(τ,y))) dηxτ (y) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

D(ϕ̃(τ,x),ϕ̃(τ,y)) d(ηxτ (y)− η̃xτ (y)) dτ

∣∣∣∣
≤
∣∣∣∣∫ t

t0

ω(x,ϕ(τ,x),τ)−ω(x,ϕ̃(τ,x),τ) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

ω(x,ϕ̃(τ,x),τ)− ω̃(x,ϕ̃(τ,x),τ) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

(D(ϕ(τ,x),ϕ(τ,y))−D(ϕ̃(τ,x),ϕ̃(τ,y))) dηxτ (y) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

D(ϕ̃(τ,x),ϕ̃(τ,y)) d(ηxτ (y)− η̃xτ (y)) dτ

∣∣∣∣
≤Lip(ω)

∫ t

t0

∥ϕ(τ,·)− ϕ̃(τ,·)∥∞ dτ

+T∥ω− ω̃∥∞

+

∣∣∣∣∫ t

t0

∫
X

(D(ϕ(τ,x),ϕ(τ,y))−D(ϕ̃(τ,x),ϕ̃(τ,y))) dηxτ (y) dτ

∣∣∣∣
+

∣∣∣∣∫ t

t0

∫
X

D(ϕ̃(τ,x),ϕ̃(τ,y)) d(ηxτ (y)− η̃xτ (y)) dτ

∣∣∣∣ .
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Similarly, one can obtain estimates for ∥ηxt − η̃xt ∥∗TV as in (i). Moreover, we obtain the
following inequality:

d∞((ϕ(t),ηt),(ϕ̃(t), η̃t))≤T∥ω− ω̃∥∞+C1

∫ t

t0

d∞((ϕ(τ),ητ ),(ϕ̃(τ), η̃τ )) dτ

and hence it again follows from Gronwall’s inequality that

d∞((ϕ(t),ηt),(ϕ̃(t), η̃t))≤
(
T∥ω− ω̃∥∞

)
eC1t.

This concludes the proof.

From results established in Sections 3 and 4, the integro-differential Equation (1.2)
is well-posed. Note carefully, that the well-posedness does only require the conditions
(A1)-(A4), and not the absolute continuity condition (A5). In particular, one only
requires the continuity of the measure-valued function x 7→ηx0 . This is indeed strictly
weaker than absolute continuity with respect to µX as demonstrated in the example
below.

Example 4.1 (Weighted graphs on the Cantor set). Let X=[0,1] and C=
⋂

n∈N0
Fn

be the middle-third Cantor set, where F0 := I01 =[0,1] and for n≥1, Fn=∪2n

j=1I
n
j ⊊Fn−1

consisting of 2n disjoint closed intervals with

{Inj : j=1,. ..,2n}=

{[
n∑

k=1

ak3
−k,

n∑
k=1

ak3
−k+3−n

]
: ak ∈{0,2}, k=1,. ..,n

}

and Inj on the left of Ini for i<j. Recall that for every n∈N, µX(Inj ∩C)= 1
2n for any

j=1,. ..,2n. Hence for every n∈N, every x∈C\{1}, there exists 1≤ j= jx≤2n such
that x∈ Inj . Let µX be the uniform measure over C and FµX

be its distribution function.
Note that x 7→FµX

(x) is continuous on X. Let ηx∈M+(X) be such that its generalized
distribution function is

Fηx(z) : =

∫ z

0

dηx=max{0,FµX
(z)−FµX

(x)}, z∈Z.

Since µX is continuous in distribution but not absolutely continuous, so is ηx for all
x<1. Moreover, we have

dηx(z)=dµX(z), for z>x.

Next, we show x 7→ηx is continuous in the strong topology induced by total variation
distance as well. Let X ∋xk→x as k→∞. Hence for every n∈N, there exists K ∈N
such that xk,x∈ Inj for some 1≤ j= jx≤n. Let A∈B(X). Note that

d(ηx(z)−ηxk(z))=0, for z∈X \ [min{x,xk},max{x,xk}].

Hence for all k≥K,

|ηx(A)−ηxk(A)|=
∣∣∣∣∫

A

d(ηx−ηxk)

∣∣∣∣=
∣∣∣∣∣
∫
A∩[min{x,xk},max{x,xk}]

d(ηx−ηxk)

∣∣∣∣∣
=

∣∣∣∣∣
∫
A∩[min{x,xk},max{x,xk}]

dηmin{x,xk}

∣∣∣∣∣=
∫
A∩[min{x,xk},max{x,xk}]

dµX
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≤
∫
[min{x,xk},max{x,xk}]

dµX ≤µX(Inj )≤2−n,

which implies dTV(η
x,ηxk)≤µX(Inj )≤2−n, and verifies that limk→∞dTV(η

x,ηxk)=0.

In particular, the last example already shows very clearly the advantages of working
with (limiting) graphs as measures without requiring a density. Our next goal is to show
that the solutions to (1.2) can be approximated by those of the discretized models of
the form (1.1) under additional assumptions as stated in Theorem 1.2.

5. Discrete approximation
In order to be able to compare solutions of the ODE models (1.1) with that of the

continuum counterpart (1.2), we first show that (1.1) can be rewritten in the form of
(1.2).

Proposition 5.1.

(i) Let
(
(ϕN

j )Nj=1,(W
N
i,j)

N
i,j=1

)
∈C(Tt0,T ,TN ×RN×N ) be the solution to (1.1) with (1.6),

(1.7) or (1.8), and (1.9). Then (ϕN ,ηN )∈C(Tt0,T ,L∞(X,T))×C(Tt0,T ,B(X,M(X)))
defined in (1.10) and (1.11), solves the integro-differential Equation (1.2) with

ϕN
0 (x) :=

N∑
j=1

ϕN,0
j χXN

j
(x), ωN (x,u) :=

N∑
j=1

ωN
j (u)χXN

j
(x). (5.1)

(ii) Let

ϕN :

{
Tt0,T ×X→R,
(t,x) 7→

∑N
j=1ϕ

N
j (t)χXN

j
(x),

WN :

{
Tt0,T ×X2→R,
(t,x,y) 7→

∑N
i,j=1W

N
i,j(t)χXN

i ×XN
j
(x,y).

Let

η :

{
Tt0,T ×X→M(X)

(t,x) 7→d(ηN )xt (y) : =WN (t;x,y) dµX(y), y∈X.

Assume that (ϕN ,ηN )∈C(Tt0,T ,L∞(X,T))×C(Tt0,T ,B(X,M(X))) solves the integro-

differential Equation (1.2) with initial conditions (5.1). Then
(
(ϕj)

N
j=1,(W

N
i,j)

N
i,j=1

)
∈

C(Tt0,T ,TN ×RN×N ) is the solution to the IVP (1.1).

Proof. We only prove (i), as (ii) can be shown analogously. It is not difficult
to see that ϕN ∈C(Tt0,T ,L∞(X,T)). Next, we deal with ηN : Since for any t∈Tt0,T we
have

sup
x∈X

∥(ηN )xt ∥∗TV= sup
x∈X

sup
f∈B1(X)

∫
X

f(y)WN (t;x,y) dµX(y)≤ sup
i,j∈[N ]

|WN
i,j(t)|,

we have that ηt∈B(X,M(X)). Similarly, for t, t̃∈Tt0,T with t→ t̃ we have that

sup
x∈X

∥(ηN )xt −(ηN )xt̃ ∥
∗
TV= sup

x∈X
sup

f∈B1(X)

∫
X

f(y)
(
WN (t;x,y)−WN (t̃;x,y)

)
dµX(y)
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≤ sup
i,j∈[N ]

|WN
i,j(t)−WN

i,j(t̃)|→0,

which implies that ηN ∈C(Tt0,T ,B(X,M(X))). Now let k∈ [N ] and x∈XN
k . Since

µX(XN
k )= 1

N , we have

∂ϕN (t,x)

∂t
= ϕ̇N

k (t)=ωN
k (ϕN

k (t),t)+
1

N

N∑
j=1

D(ϕN
k (t),ϕN

j (t))WN
kj (t)

=ω(x,ϕN (x,t),t)+

∫
X

D(ϕN (t,x),ϕN (t,y))WN (t;x,y) dµX(y)

=ω(x,ϕN (x,t),t)+

∫
X

D(ϕN (t,x),ϕN (t,y)) d(ηN )xt (y).

Further, similar to Example 2.1 we calculate that

∂(ηN )xt (y)

∂t
=

N∑
j=1

ẆN
kj (t)χXN

j
(y)µX(y)

=−ε

N∑
j=1

(
WN

kj (t)χXN
j
(y)µX(y)+H(ϕN

k (t),ϕN
j (t))χXN

j
(y)µX(y)

)
=−ε

(
(ηN )xt (y)+H(ϕN (t,x),ϕN (t,y))µX(y)

)
.

Thus, the tuple (ϕN ,ηN )∈C(Tt0,T ,L∞(X,T))×C(Tt0,T ,B(X,M(X))) solves the IVP
(1.2).

To prove Theorem 1.2, we need two more lemmata:

Lemma 5.1. Under the notation and assumptions of Theorem 1.2 we have:
(i)

lim
N→∞

∥WN (t0; ·)−W∥∞=0.

(ii)

lim
N→∞

∥ηNt0 −η0∥∗TV=0.

Proof.
(i) Let σ>0 be arbitrary. By (A6), since X2 is compact, we have W is uniformly
continuous. Hence there exists a σ1>0 such that

|W (x,y)−W (x̂, ŷ)|<σ, whenever |(x,y)−(x̂, ŷ)|<σ1.

Due to (A7) we can find an N0∈N,N0=N0(σ), such that

sup
N≥N0

sup
i∈[N ]

diam(XN
i )<σ1.

By the definition of WN ,

∥WN (t0;·)−W∥∞<σ.
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Since σ was arbitrary, the conclusion follows.

(ii) It follows immediately from the definition of ∥·∥∗TV and (i), since for N→∞ we
have

∥ηNt0 −η0∥∗TV= sup
x∈X

sup
f∈B1(X)

∫
f(y)

(
WN (t0;x,y)−W (x,y)

)
dµX(y)

≤ sup
x∈X

∥WN (t0;x,·)−W (x,·)∥L1(X;µX)≤∥WN (t0; ·)−W∥∞→0,

which finishes the proof.

Lemma 5.2. Under the notation and assumptions of Theorem 1.2 we have:

dTt0,T ,∞
(
(ϕ,η),(ϕN ,ηN )

)
≤
(
∥ϕ0−ϕN

0 ∥∞+∥η0−ηNt0 ∥
∗
TV+T∥ω−ωN∥∞

)
eC1T ,

with the constant C1 :=
(
Lip(ω)+2Lip(D)∥η∥∗+2εLip(H)+ε+∥D∥∞

)
.

Proof. By Proposition 5.1 we know that both (ϕN ,ηN ) and (ϕ,η) solve the integro-
differential Equation (1.2). Thus, the desired estimate is obtained with exact the same
calculations as in Proposition 4.1 and the triangle inequality.

Proof. (Proof of Theorem 1.2.) From Lemma 5.2 we know

dTt0,T ,∞
(
(ϕ,η),(ϕN ,ηN )

)
≤
(
∥ϕ0−ϕN

0 ∥∞+∥η0−ηNt0 ∥
∗
TV+T∥ω−ωN∥∞

)
eC1T . (5.2)

By (A4), since X is compact, we have ϕ0(x) is uniformly continuous in x. Similar to
the proof of Lemma 5.1 (i), we can show that

lim
N→∞

∥ϕ0−ϕN
0 ∥∞=0.

Moreover, due to the Lipschitz continuity assumption of ω and the definition of ωN it
is easy to check that

lim
N→∞

∥ω−ωN∥∞=0.

Combining these equations together with Lemma 5.1, we obtain from (5.2) the desired
limit (1.12).

6. An adaptive Kuramoto model
Let X=[0,1] be equipped with the standard Borel σ-algebra, the Lebesgue mea-

sure µX and the partition Xn
i := [ i−1

n , i
n ), i∈ [n],n∈N. Consider the co-evolutionary

Kuramoto-type models on TN ×RN×N from [6],

ϕ̇N
i =ω+

1

N

N∑
j=1

WN
ij (t)sin(ϕ

N
i −ϕN

j +a), ϕN (0)=ϕN,0∈TN , (6.1a)

ẆN
ij =−ε(WN

ij +sin(ϕN
i −ϕN

j +b)) i,j∈ [N ], WN (0)=WN ∈RN×N , (6.1b)

where a,b,ω∈R are real numbers, ε>0 is a small parameter and the initial conditions
will be specified later (cf. (H2)). Note that this model is a special case of the system
(1.1), for the choice D,H :T2→R, D(u,v) :=sin(u−v+a), H(u,v) :=sin(u−v+b) and
intrinsic frequency ω which is a constant function.
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System (6.1) is motivated from neuroscience to model synaptic connections be-
tween periodically spiking neurons. Here ϕi models the phase of the i-th neuron and
the weights Wij model the synaptic connections within the network of oscillators, which
adapt according to the phase change as time evolves. The adaptation rule (6.1b) for
the weights allows us to model many different synaptic plasticity scenarios. For in-
stance, b=0 yields a Hebbian learning/plasticity rule meaning that synapses between
neurons, which spike in sync, get strengthened. For b=−π

2 we have so-called spike-
timing-dependent plasticity (STDP) meaning the synapses between i-th and j-th neu-
ron gets strengthened, provided that the j-th neuron spikes before the i-th neuron
(see [5] and references therein). The continuum counterpart of (6.1) is the following
integro-differential equation:

∂ϕ(t,x)

∂t
=ω+

∫ 1

0

sin(ϕ(t,x)−ϕ(t,y)+a)dηxt (y), (6.2a)

∂ηxt (y)

∂t
=−εηxt (y)−εsin(ϕ(t,x)−ϕ(t,y)+b)µX(y), (6.2b)

ϕ(t0,x)=ϕ0(x), ηxt0 =ηx0 , (6.2c)

with the initial conditions (ϕ0,η0)∈C(X,T×M(X)). We assume:
(H1) The initial measure η0∈Mabs(X) with

W (x,y)=
dηx0 (y)

dµX(y)
, x∈X,

is continuous in x and y satisfying

inf
x,y∈X

W (x,y) := cW >0.

The initial phases and the discrete/finite-dimensional edge weights are then given by

ϕN,0
i :=N

∫ i
N

i−1
N

ϕ0(y) dy, (6.3)

WN
i,j :=N2

∫ i
N

i−1
N

∫ j
N

j−1
N

W (x,y) dµX(x) dµX(y), i,j∈ [N ]. (6.4)

Theorem 6.1 (Assume (H1)). Let 0<T < 1
ϵ ln(1+cW ). Then there exists a unique

solution (ϕ(t),ηt)∈C(Tt0,T ×X,T×M+(X)) (in the sense of Definition 1.1) of the con-
tinuum limiting Equation (6.2). Moreover, let ϕN,0 and WN be defined in (6.3) and
(6.4), respectively; let ϕN and ηN be defined in (1.10) and (1.11), respectively. Then

lim
N→∞

dTt0,T ,∞
(
(ϕ,η),(ϕN ,ηN )

)
=0.

Proof. It is obvious that (A1)-(A3) and (A7) are fulfilled. Moreover, (A4) and (A6)
both follow from (H1). (A5) follows from 0<T < 1

ϵ ln(1+cW ). Hence the conclusions
follow immediately from Theorem 1.1 and Theorem 1.2.

7. Discussion and outlook
In this paper we use measure-valued (continuous) functions, so-called digraph mea-

sures introduced to network dynamics on graphs, first in [28], to represent the under-
lying graph with vertices in the compact space X. We have studied continuum limits
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for fully adaptive networks, which have recently gained a lot of interest in the natural
sciences. We have established a result on well-posedness of a limiting integro-differential
equation under very weak conditions and established a discrete-to-continuum approx-
imation under additional hypotheses. The assumptions (A1)-(A4), which we used for
well-posedness place very few restrictions on the underlying graph structures. Yet,
assumption (A5) required here for the continuum limit approximation properties is
stronger. Indeed, (A5) implies the underlying graph measure is absolutely continu-
ous with a density W . Such W is precisely a graphon [33], a limit of a sequence of
dense graphs. Moreover, convergence of absolutely continuous measures in total vari-
ation distance is equivalent to that of their densities in the L1-norm induced metric.
Hence (A5)-(A6) just means we can consider graphons with a uniform lower bound
(for positivity) and such graphons are continuous. Indeed, except the technical pos-
itivity condition (1.5) in (A5), graphons satisfying (A5)-(A6) form a dense set of all
graphons on X2, since the set of continuous functions are dense in L1(X2;µX ⊗µX).
This observation also means it is likely that one can further generalize our results to the
entire space of positive L1-graphons (satisfying the positivity condition), using addi-
tional approximation arguments. We do not believe this extension to require additional
significant creativity, just the notation will become extremely involved and may obscure
the main ideas, which we have laid out in this paper, to derive continuum limits for
adaptive network dynamics. A similar remark also applies to typical slight modifications
and extensions, which are possible with our methods. These extensions include (E1)
closely related models on time-and state-dependent networks, e.g., the Cucker-Smale
model with adaptive couplings or state-dependent sensing [7, 10, 17, 20], (E2) existence
in backward time of the continuum limit, (E3) lowering Lipschitz regularity to prove
Peano-type existence theorems, and (E4) extending results to locally Lipschitz weight
dynamics. One can choose the vertex space to be the finite-dimensional space (Euclidean
space or Riemannian manifolds) of physical locations of the particles, e.g., the Cucker-
Smale model. The formulation proposed may still work, c.f. also [28], provided one
can prescribe a compact positively invariant subset for the model of collective motions.
From a viewpoint of most applications, which motivated the study of adaptive network
dynamics in the first place, these extensions to our results are somewhat of secondary
importance, e.g., second-order ODEs can be re-written as first-order systems, existence
in backward time will follow upon reversing suitable integrals, Peano-type theorems
follow from adaptations of classical ODE methods, and local Lipschitz conditions can
be implemented using cut-offs.

Yet, there is a key open problem, which is highly challenging mathematically and of
major importance from an applied perspective: How far can we push discrete approxi-
mation results of the continuum limit to different lower-density graph limit objects, i.e.,
to intermediate density or sparse graphs? Well-posedness works already, and we have
set up our framework via measure-theoretic arguments to allow for generalizations. For
example, in this paper we used the total variation, which induces a strong topology in
the space of finite signed measures. Next, it seems natural to ask if analogous or even
better conclusions also hold in the weak topology in the space of finite positive mea-
sures induced by the bounded Lipschitz metric. Yet, the immense analytical difficulty
level of trying to find a sharp boundary in the space of graph limits is apparent. For
example, sparse graphs (such as the circular graphings discussed in [11, Example 5.5];
see also examples in [28]) or graphs of intermediate density (e.g., the spherical graphop
discussed in [11, Example 5.4]; see also examples in [28]), though continuous in x in
bounded Lipschitz metric, may not be continuous in the total variation norm. Hence,
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it is likely that an extremely delicate choice of metric(s) is required to tackle various
classes of sparse graphs. We are currently pursuing this crucial question regarding the
interaction of density scales of graph limits with continuum, as well as mean-field, limits.
However, we anticipate that this problem will require a very long-term effort including
partial steps lowering density requirements gradually.
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[5] R. Berner, E. Schöll, and S. Yanchuk, Multiclusters in networks of adaptively coupled phase oscil-
lators, SIAM J. Appl. Dyn. Syst., 18(4):2227–2266, 2019. 1, 1, 1.3, 6
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